AdaBoosting Text Prompts for Vision-Language Models
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FM) « classifier({B;,B,, ..., Bx})

// Boosting

11 w < SAMME.R update(F™, D, w)

12 output SAMME.R ensemble of {F@, .., FWM}
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n Soft prompting

Gradient-Optimized “"Text” # Transferable

Gradient-optimized text prompts are still “text” but they are
unreadable and fail to preserve their gains under transfer.
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Conclusion: TPB builds and boosts an ensemble of text-
prompt classifiers, yielding shot-scalable gains on the source
model while preserving these gains across diverse VLMs.
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Boosted text prompts scale with shots and transfer!

 Compose: greedily minimize weighted error.
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